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Abstract—Radio-frequency interference (RFI) is increasingly a
severe problem for present and future microwave satellite mis-
sions. RFI at C- and X-bands can contaminate remotely sensed
measurements, as experienced with the Advanced Microwave
Scanning Radiometer (AMSR-E) and the WindSat sensor. In this
work, the multitemporal Robust Satellite Techniques approach
has been implemented on C-band AMSR-E data in order to
identify areas systematically affected by different levels of RFI,
trying to discriminate them from natural geophysical variability
zones. To the scope, nine years of AMSR-E data have been in-
vestigated, allowing us also to better infer RFI impact on data
acquired during ascending or descending passes, as well as in
horizontal or vertical polarization. In detail, two analyses were
carried out: one considering only measurements at C-band and
another one taking into account a combination between C- and
X-band measurements. The results of this study will be shown and
discussed in this paper.

Index Terms—Advanced Microwave Scanning Radiometer
(AMSR-E), passive microwave remote sensing, radio-frequency
interference (RFI), Robust Satellite Techniques (RST).

1. INTRODUCTION

VER the last several years, the problem of radio-

frequency interference (RFI) in spaceborne microwave
radiometer data has seriously impacted remote-sensing science
products. Such a trend is expected to increasingly rise in
the next years because the frequency requirements of remote
sensing have begun to overlap active radio service allocations
[1]. In detail, RFI is often caused by manmade emission sources
such as telecommunication transmissions, civilian and military
radars, high-bandwidth point-to-point terrestrial wireless com-
munication links, and wireless routers [2], [3]. Also, unwanted
high emissions of active service stations operating at bands
adjacent to the protected ones may produce RFI [4]. Recent
experiences with passive microwave sensors, like the Advanced
Microwave Scanning Radiometer (AMSR-E) aboard the Earth
Observing System Aqua platform and the WindSat radiometer
on the U.S. Department of Defense Coriolis satellite, both
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working at low microwave frequencies of the electromagnetic
spectrum, have demonstrated the increasing RFI impact on
the measured signal and its effect on geophysical parameter
retrieval [5]-[10]. Indeed, in addition to data acquired at C-band
(6.7-7.1 GHz for AMSR-E and 6.74-6.86 GHz for WindSat),
X-band (10.6-10.7 GHz for AMSR-E and 10.55-10.85 GHz for
WindSat) data, although they are acquired at a protected band
[11], have been discovered to be affected by RFI contamination.
It should be stressed that AMSR-E uses, at X-band, a bandwidth
of 100 MHz which is larger than the protected one (10.6—
10.68 GHz), so that it is also sensitive to borderline but
authorized emissions. RFI impact on received data has been
further confirmed by the first data acquired at L-band (1.40-
1.427 GHz) by the Microwave Imaging Radiometer with
Aperture Synthesis aboard the European Space Agency/Soil
Moisture and Ocean Salinity mission, where large areas of
the world have been discovered to be RFI affected also at
these protected wavelengths [4], [12]-[18]. If not properly
identified and rejected, RFI contamination could significantly
reduce the science value of existing and future C- and X-band
passive microwave missions [8], [10], [19], like the Advanced
Microwave Scanning Radiometer 2 (AMSRE-2) aboard the
Japanese Shizuku mission (originally Global Change Obser-
vation Mission 1st—Water) [20] launched on May 18, 2012
[21], as well as the L-band microwave missions, like NASA
AQUARIUS [22], [23] launched in June 2011 and Soil Mois-
ture Active—Passive [24] scheduled for November 2014.

Thus, if for future missions, RFI detection and mitigation
strategies are needed to ensure that radiometer measurements
will not be damaged by extreme RFI, for past data, it is funda-
mental to develop new suitable and reliable data postprocessing
strategies [1], [25] in order to reduce the impact of RFI on the
measured signal at the sensor.

Several authors have already investigated AMSR-E and
WindSat C- and X- band RFI [5]-[10]. One still open issue is
the reliable identification of areas where low levels of RFI are
present and, therefore, the need of discriminating RFI-affected
areas from zones having a high natural geophysical variability,
such as those characterized by the presence of melting ice or
seasonal vegetation trend. Considering that RFI is inherently
a positive bias to observed brightness temperature (TB), low
levels of RFI are probably the most of concern at least for long-
term investigations, such as long-term climatological measure-
ments [26].

In this work, the Robust Satellite Techniques (RST) approach
[27], [28] has been implemented using AMSR-E C-band data
to identify RFI source locations over land at global scale. In
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particular, such a study was aimed at identifying different levels
of RFI contamination, trying to discriminate where natural (i.e.,
not RFI induced) geophysical variability is present. The RST
approach has already demonstrated to be a suitable tool for
monitoring many natural and environmental risks [27], [28],
and the references herein also use AMSR-E data [29]-[31]. In
addition, this original methodology, based on a multitemporal
analysis of satellite records, colocated in the space—time do-
main, has already demonstrated to be able to reduce the impact
of spurious contributes, known or not, (as those possibly caused
by RFI) on the measured signals [32].

RST implementation on AMSR-E data will be presented in
Section II, while the results of this analysis will be shown and
discussed in Sections III and IV. Among its potential uses,
the indication about RFI presence may be useful to localize
where AMSR-E C-band data have to be used with attention
in retrieving information about surface parameters (i.e., soil
moisture and vegetation water content). In addition, such in-
formation could be used also during the early phase of the next
AMSRE-2 to evaluate its effectiveness in overcoming AMSR-E
RFI drawbacks.

II. METHODOLOGY

Passive microwave sensors measure the natural emission of
energy from the Earth’s surface. Considering AMSR-E low-
frequency channels, the amount of the received microwave
radiation depends on the emission and scattering at the sur-
face [5], [7], [9], [10]. Over lands, these two parameters are
functions of soil moisture, surface temperature, roughness, and
vegetation cover. At C-band, water bodies show TBs of about
70 K with horizontal polarization and around 170 K with
vertical polarization [10]. Land surfaces, having emissivities
higher than water, show TBs in the range of 250 K-320 K, with
a lesser but still present polarization difference [9], [10]. At
X-band, the radiometric response of two surfaces (i.e., water
and land) is similar to that at C-band even if, due to the spectral
dielectric properties of soil and water mixture, TB at X-band
is higher than the one measured at C-band for each surface.
Considering that below 30-GHz scattering effects, whose in-
crease may reduce TB relative variations [5], [7], are usually
limited (except for dry snow, ice, and some desert surfaces),
the natural positive spectral gradient between C- and X-band
TBs may invert only in the presence of RFI [5], [7], [10]. To
better evaluate C-band AMSR-E RFI contamination, an index
based on the difference between measurements (in terms of TB)
achieved for the same polarization (p = H or V) at 6.9 and
10.7 GHz has been proposed [5]

RI6.9p = TB6.9p — TB10.7p. (1)

Positive values of such an index should indicate RFI presence.
In particular, 5 K < RI6.9p < 10 K contains moderate RFI,
while RI6.9p > 10 K contains strong RFI [5], [7]. In detail, in
their analyses, Njoku et al. [7] used one year (June 2002-May
2003) of AMSR-E Level 2A data, concluding that a better
characterization of RFI could have been obtained using clas-
sification thresholds varying spatially and temporally.
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Starting from these considerations, we first applied the RST
approach to the signal measured by AMSR-E at C-band (i.e.,
TB6.9p) and then to the index defined in (1) (i.e., R16.9p).
RST is an automatic change-detection scheme that identifies
signal anomalies in the space—time domain as deviations from
a normal state that has been preliminarily identified, at pixel
level, on the basis of satellite observations collected during
several years in the past, under similar observational conditions.
By such an analysis, areas where the analyzed signal shows
high persistent values in the space—time domain as well as
high variability related to spurious and random effects such as
those associated to radio interference effect should be easily
highlighted.

In detail, AMSR-E Level-3 land surface product (AE_Land3)
data [33] from June 2002 to May 2011 were used. The used
gridded Level-3 land surface product includes daily measure-
ments (stratified in ascending and descending passes) of surface
soil moisture and vegetation/roughness water content interpre-
tive information as well as TBs and quality control variables.
Input TB data (both in horizontal and vertical polarizations),
corresponding to a 56-km mean spatial-resolution image, are
resampled to a global cylindrical 25-km Equal-Area Scalable
Earth Grid cell spacing.

According to RST prescriptions, we computed, for each
land pixel of such a grid, the temporal mean and the standard
deviation of the TB6.9p and RI6.9p indexes for each of the
12 calendar months of the year. Specifically, the procedure
we applied can be summarized as follows: 1) As a first step,
all the AMSR-E data acquired for every calendar month were
collected together (i.e., for the first month: January 2003,
January 2004,.. ., January 2011, for the second: February 2003,
February 2004,. .., February 2011; and so on), stratifying them
on the basis of their orbit type (i.e., ascending or descending)
and polarization (i.e., horizontal or vertical); 2) then, for each
of these 48 datasets (i.e., two polarizations + two orbit types
for each calendar month), the temporal multiyear mean and
standard deviation of the TB6.9p and RI6.9p indexes were
computed. More than 3200 AMSR-E data (~96% of the whole
AMSR-E dataset) have been processed to this scope; each
calendar month dataset was composed of about 270 imagery.
Such “reference fields” are used in this study to try to achieve
a wide and clear view of RFI over land on a global scale.
Areas where the analyzed signal showed high variability and/or
persistent high values, both in intensity and time, should be,
in fact, related to the presence of RFI [7]. We expect, in fact,
that anthropogenic noise, as RFIs, appear stable in the space
and time domains, whereas natural (e.g., geophysical and/or
meteorological) processes are likely to occur with peculiar
seasonality and/or periodicity. Reference fields should then be
able to “synthesize” such a differential behavior, allowing for
an effective discrimination of RFIs, although some consider-
ations about possible limitations have to be done. Possible
interannual changes, which may occur particularly because of
geophysical/meteorological processes (e.g., snow/ice melting
or the monsoon seasons) which may anticipate (or posticipate)
their occurrence, from one year to another, should be taken into
account. They may slightly modify statistics even if, working
with sufficiently long (i.e., monthly) temporal windows, the
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TABLE 1
SUMMARY OF MONTHLY VALUES (IN KELVIN) OBTAINED BY AVERAGING OVER LAND-PIXEL RST MEAN TEMPORAL
ESTIMATIONS ACHIEVED BY ANALYZING NINE YEARS OF AMSR-E C-BAND (TB6.9) MEASUREMENTS

Mean-TB6.9 H Des | Mean-TB6.9 H Asc | Mean-TBI16.9_ V_Des | Mean-TBI6.9_V_Asc
Month| Min | Max | Mean | Min | Max | Mean | Min | Max | Mean | Min | Max | Mean
Jan | 79.48 |337.23236.63]80.57|328.74 | 241.68 | 148.86 | 325.09]259.20] 149.19|336.78 | 265.00
Feb | 79.42 |332.27[236.94|80.62|332.85[242.23 | 148.60 | 325.10|259.84 ] 149.09 | 334.00 | 265.97
Mar | 80.26 | 336.83[238.27|80.86|335.89|243.84 | 149.26 | 326.45]261.45]149.51 |334.81 | 268.06
Apr | 80.00 |340.90|239.95]79.90|331.19]245.87[151.04]328.80|263.10] 150.39 | 345.80 | 270.29
May | 79.10 |339.04 |241.47]79.20|332.46 | 247.88 | 153.25[331.33|264.48] 153.63 |339.54|272.23
Jun | 79.04 |336.99|242.25]78.25|334.79]249.00 | 158.89|334.71 | 265.39] 159.70 | 340.83 | 273.32
Jul 79.68 [330.21 | 242.84]78.59|335.72249.80 [ 160.05 | 333.27 | 265.94] 160.71 | 340.54 | 273.87
Aug | 79.98 |329.63 |242.5879.32|333.99[249.57]|161.01 | 331.67 [265.53]161.43|340.40|273.51
Sep | 80.59 [332.07 [241.66]79.86|333.89 | 248.35] 159.35 | 330.55 | 264.43 | 159.77 | 339.68 | 272.26
Oct | 81.00 |338.90|240.25]80.18|333.36|246.25[155.08328.17 | 263.03] 155.81|339.18|270.13
Nov | 81.39 |334.27[238.42|81.76|330.29 | 243.98 | 151.66 | 324.64 [ 261.04 ] 151.98 | 336.50|267.51
Dec | 80.41 |328.34[237.13|80.87(329.78 | 242.30 | 150.29 | 323.53 | 259.56 | 150.53 | 337.58 | 265.51
TABLE 1II
SAME AS TABLE I BUT FOR RST STANDARD DEVIATION ESTIMATIONS
StD-TB6.9 H_Des StD-TB6.9 H_Asc StD-TB16.9_V_Des StD-TBI6.9_V_Asc
Month | Min | Max | Mean | Min | Max | Mean | Min | Max Mean | Min | Max Mean
Jan | 036 | 54.11 | 494 | 044 | 5480 | 549 0.19 | 38.16 | 3.25 | 0.17 | 3536 | 3.80
Feb |0.41] 5222 | 482 049 | 5143 | 546 | 0.16 | 36.61 323 10.17 | 51.73 | 3.84
Mar | 0.47 | 48.10 | 486 |0.50| 4735 | 561 023 ] 38.69 | 330 | 021 | 60.56 | 4.02
Apr | 0451|4495 | 5.10 | 034 46.56 | 589 | 023 | 36.74 | 345 ]10.19 | 29.76 | 4.19
May |0.45| 51.88 | 525 | 0.37]49.65| 6.06 | 0.23 | 38.21 3.56 | 0.18 | 55.63 | 4.30
Jun | 0.44 ] 50.83 | 529 1039|5021 | 6.05 | 026 | 39.52 | 3.59 | 0.20 | 4845 | 4.31
Jul 1044|5543 | 480 |036] 5242 | 547 | 022 | 4562 | 331 |0.17 | 46.03 | 4.00
Aug | 0415330 | 468 |043|4755| 520 |0.19 | 4134 | 320 | 0.19 ] 3998 | 3.88
Sep 1045 ] 5559 | 448 1034|4898 | 533 021 | 3796 | 3.18 ] 0.20 | 50.23 | 3.99
Oct |041] 5983 | 475 1036 60.04 | 554 | 028 ] 3926 | 327 | 023 | 39.83 | 4.03
Nov | 0.39[47.75 | 476 1039|4685 | 539 |022| 3953 | 326 | 020 ] 31.02 | 3.87
Dec | 038 | 5242 | 4.76 |0.52 | 52.33 | 5.28 | 0.21 | 38.31 3.18 ] 0.19 ] 50.46 | 3.69
(a) TB 6.9 GHz mean spatially averaged (b) TB 6.9 GHz StDeviation spatially averaged
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Fig. 1.
(b) Annual trend of the spatial mean of the temporal standard deviations.

RST methodology should be able to significantly smooth such
possible effects. Other possible interannual changes, due to RFI
sources themselves, will be discussed later.

III. RESULTS

Once computed, the temporal means and the standard de-
viations of all the months of the year, to summarize the huge
amount of the information arising from these reference fields
(96 different information for each investigated signal), both the
temporal reference fields (i.e., mean and standard deviation)

Month

Results of RST analysis on TB6.9, considering AMSR-E data from June 2002 to May 2011. (a) Annual trend of the spatial mean of the temporal means.

have been spatially averaged over the whole global scene
considering only land pixels, for each month of the year, using
both polarizations (vertical and horizontal) and both orbit types
(ascending and descending).

The summaries of the results obtained by analyzing TB6.9p
are reported in Tables I and II in terms of the means and
standard deviations, respectively, while Fig. 1 shows the yearly
trends of the two signals. It should be stressed that such a
procedure is affected by the larger number of land pixels
at mid-North to North latitude with respect to the one from
mid-South to South (the ratio is about 2.5); therefore, from a
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climatological point of view, the results are more linked to
northern climatology. The analysis of these first results allowed
us several considerations: 1) Seasonal trends of TB6.9p are
clearly evident, looking at the mean values [Fig. 1(a)], with an
increase in temperature during summer in the Northern hemi-
sphere; 2) as expected, TBs measured in vertical polarization
are higher than those in the horizontal one; 3) TBs measured
during ascending passes (i.e., 1:30 P.M. local time) are higher
than those in nighttime due to the contribute of solar radiation;
and 4) acquisitions in vertical polarization and during descend-
ing passes are the most stable [Fig. 1(b)]. Concerning this last
achievement, owing to the scanning pattern of the sensor, the
vertically polarized measurements are nearly always greater
than the horizontal ones for all natural emissions, whether
these are from natural or manmade surfaces. In addition, the
range of variability of H data are larger than the V ones [9].
As a consequence, vertical acquisitions are more stable than
the horizontal ones, which suffer also a greater influence of
geophysical variability at the ~55° AMSR-E incidence angle
[7]. Descending passes are acquired near 1:30 A.M. local time
(thus, during nighttime), so it is reasonable to measure lower
RFI than during ascending acquisitions because a minor human
activity is likely to be in progress at that moment [5].

The evidence of RFI contamination in the measured signal
is observable by looking at the maximum values of the mean
and standard deviation reference fields; they respectively range
between 323.53 K and 345.80 K and between 29.76 K and
60.56 K. Assuming a general land mean emissivity of 0.8 in
the microwave, the effective land surface temperature should
range between 404 K and 430 K, which are values well above
the thermal emissive regime of natural Earth surfaces. Similar
considerations can be done for standard deviation values that,
as we stratified imagery in homogeneous datasets (i.e., monthly
time window), are unlikely to be due to natural fluctuations.
Therefore, such high values can be ascribable to anthropogenic
sources.

Once the evidence of RFI contamination in the AMSR-E
C-band has been assessed, the implementation of RST to the
RI6.9p index, taking into account previous works [5], [7], [10],
should allow for a better mapping of its presence. In addition
to the aforementioned capability of the RI6.9p index to detect
RFI presence, the multitemporal analysis we performed per-
mitted the discrimination between the different temporal vari-
ability/persistence of RFI and naturally occurring geophysical
processes. In Fig. 2, the R16.9p annual behavior, in terms of the
temporal mean and standard deviation at global scale, is shown.
Looking first at Fig. 2(a), focusing on the R16.9 mean value, the
considerations already achieved by analyzing the TB6.9p signal
are confirmed: A clear discrimination between data acquired at
vertical and horizontal polarizations is evident, with the vertical
measurements always higher than the horizontal ones. Such a
behavior is established by also taking into account the different
orbits of the sensor: Measurements achieved during descending
passes are, in fact, higher than the ones during ascending passes.
Moreover, in this case, a seasonal trend is recognizable, with
a decrease in RI6.9 during summer, which may be related
to the general minor ice coverage for the North hemisphere
during this period. Considering the annual standard deviation
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Fig. 2. Results of RST analysis on RI6.9, considering AMSR-E data from
June 2002 to May 2011. (a) Annual trend of the spatial mean of the temporal
means. (b) Annual trend of the spatial mean of the temporal standard deviations.

TABLE III
SUMMARY OF MONTHLY VALUES (IN KELVIN) OBTAINED BY AVERAGING
OVER LAND PIXEL RI16.9P TEMPORAL STANDARD DEVIATION
ESTIMATIONS ACHIEVED BY ANALYZING NINE YEARS
OF AMSR-E C-BAND MEASUREMENTS

StD-RI6.9 H_Des | StD-R16.9 H_Asc | StD-R16.9_V_Des | StD-RI6.9 V_Asc
Month | Min | Max | Mean | Min | Max | Mean | Min | Max | Mean | Min | Max | Mean
Jan ]0.23]149.99| 1.83 |0.17|47.95| 1.78 |0.16[39.98| 1.04 |0.14{30.34| 1.03
Feb ]0.21|43.43| 1.81 |0.20|43.89| 1.79 |0.15]38.45| 1.03 ]0.13[52.00| 1.03
Mar |0.22[40.64| 1.85 |0.22(41.16| 1.88 |0.18[41.09| 1.07 |0.14[61.79| 1.06
Apr 10.23]139.36| 1.85 10.20]42.22| 1.84 |0.18[38.43| 1.08 |0.15[31.54| 1.04
May ]0.22(36.45| 1.80 |0.19[44.21| 1.74 ]0.16[38.50| 1.06 |0.14|56.81| 0.98
Jun |0.23|40.16| 1.72 ]0.19|42.15] 1.62 |0.15]38.72| 0.98 |0.14|49.23| 0.95
Jul ]0.23145.89| 1.64 |0.20|39.85] 1.56 |0.16|38.49| 0.95 |0.16|47.16| 0.93
Aug [0.23|47.63| 1.61 [0.21[39.26] 1.52 [0.16|42.67| 0.97 |0.16[33.92| 091
Sep |0.21/40.87| 1.66 ]0.20|39.35| 1.54 ]0.15]39.62| 0.97 ]0.15|51.29| 0.93
Oct |0.22144.67| 1.79 |0.21]43.68| 1.68 |0.16]36.13| 1.03 ]0.14|39.68 | 0.99
Nov ]0.23[40.80| 1.78 [0.20|42.33| 1.72 |0.20[41.87| 1.05 |0.16[30.72| 1.02
Dec |0.23[48.96] 1.79 |0.21[43.01| 1.73 0.19(39.86| 1.05 |0.18(51.36] 1.02

trend [Fig. 2(b)], the previous achievements are confirmed
too: Measurements acquired at vertical polarization and during
descending passes are the most stable.

Once the general trends of both signals are determined, we
decided to focus more on the standard deviation signal, because
it is more stable than the mean one and therefore more suitable
for a better discrimination of RFI [7]. In Table III, the summary
of results achieved by the aforementioned analyses described
for the standard deviation reference field (i.e., StD-RI6.9p) is
reported. Again, the maximum, minimum, and globally aver-
aged (i.e., mean) values are reported for each calendar month.
The mean values of this signal, obtained by averaging all pixels
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Fig. 4. Same as Fig. 3, considering only data acquired at vertical polarization for both ascending and descending passes. The color bar shows the whole range of

RFI fluctuation over land.

at global scale, are between 0.91 K and 1.88 K. These values
are likely to be very poorly affected by RFI perturbations,
as the unperturbed points on the map are surely significantly
more numerous than RFI sources, and thus should represent the
expected values of the StD-RI6.9p signal in the absence of RFI.

On the other hand, maximum values of StD-RI6.9p, ranging
between 30.34 K and 61.79 K, represent sure outliers of the
distribution and can be associated to space—time anomalies
whose persistence can allow us to discriminate anthropogenic
(e.g., RFI) from natural causes.
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Fig. 5. AMSR-E C-band RFI source maps (low—medium values). Only data acquired at horizontal polarization for both ascending and descending passes.

(a) Global results. (b) Zoom over North America and (c) Europe and Asia. The color bar shows the range of StDevRI6.9 (in kelvin) fluctuation over land.

Analyzing the statistical distribution of the 48 reference
fields generated for the StD-RI6.9p signal, we found that, in
all cases, more than 99% of values are less than 20 K (98%
of them are less than 10 K); thus, we generated two AMSR-E
C-band RFI source maps, identifying all those pixels char-
acterized by high (> 20 K) and persistent (for every month
of the year) values of standard deviation, combining signals
acquired at a specific polarization achieved for both ascending
and descending passes (Figs. 3 and 4). Such an analysis intends
to enhance all the areas that, worldwide, are affected by strong
and persistent RFI.

Looking at these maps, first of all, it is possible to confirm
the previous achievements: RFIs are more diffuse and intense
for AMSR-E C-band data acquired at horizontal polarization.
As expected, there is a good agreement between the localization
of the areas affected by RFI in the two maps. Note that, in fact,
a large part of North America seems to be RFI contaminated
as well as several zones in India, South America, Japan, and
Europe. These results, which mainly give information about the
localization of areas with a high level of RFI, are in agreement
with those already obtained in previous studies [5], [7]-[10].

Concerning result reliability and accuracy, the possible error
sources are briefly mentioned here, assessing their possible
impact on RFI maps. First, interannual changes of RFI sources
should be discussed. These changes may occur if RFI sources
appear/disappear in the nine-year period considered here (e.g.,
recent radio/TV transmitters absent in the first years of our
spanning period or “old” RFI sources now switched off). This
circumstance may have an impact on our RFI maps in terms
of possible false negatives because, as described, we require
temporal persistence to flag RFIs.

Finally, combining the information arising from the analysis
we performed, we looked for the areas where possible weak
RFI is present. The output of this study is shown in Figs. 5 and
6. To generate these maps, we looked at pixels characterized
by StDevRI6.9 values between 10 K and 20 K at different
threshold levels with 5 K steps (i.e., 10-15 K and 16-20 K),
combining again signals acquired at a specific polarization for
both ascending and descending passes. Therefore, the persis-
tence is the driving feature of such an analysis, and the resulting
maps show, in different colors according to the intensity of the
index, only the areas presenting this persistence. All the inland
areas (excluding those at very high latitudes) where such a
persistence has been observed at StDevRI6.9 values lower than
10 K or where no persistence has been identified are depicted
in white. Such areas should correspond to the zones with high
natural geophysical variability (e.g., presence/absence of ice in
different periods, high seasonal variability, etc.). Moreover, the
previously identified strong RFI sources are masked in gray.
Both Figs. 5 and 6 seem to indicate a residual presence of RFI
sources, while large areas of the world should be free from
signal effects like those due to RFI.

In detail, 5163 pixels show StDevRI6.9 values between 16 K
and 20 K for the horizontal signal (green pixels in Fig. 5),
almost the same number (i.e., 5210 pixels) of those already
identified as strongly affected by RFI (i.e., > 20, see Fig. 3 or
the gray pixels in Fig. 5). Only 1078 pixels have been detected
in the 10 K range (blue pixels in Fig. 5). For the vertical signal,
2742 pixels were strongly affected by RFI (Fig. 4 or gray pixels
in Fig. 6), 2615 are those with StDevRI16.9 values between 16 K
and 20 K (green pixels in Fig. 6), and 1021 are in the range of
10-15 K (blue pixels in Fig. 6). Such numbers first
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Fig. 6. Same as Fig. 5, considering only data acquired at vertical polarization for both ascending and descending passes. The color bar shows the range of

StDevRI6.9 (in kelvin) fluctuation over land.

confirm that RFI at medium-high level (i.e., 16-20 K) are
more diffuse and intense for AMSR-E C-band data acquired
at horizontal polarization. These highly residual StDevRI6.9
values (green pixels) are mainly located in the areas next to the
ones already detected as strongly affected by RFI, and so, it is
reasonable to define them as possibly RFI contaminated. New
possibly isolated RFI sources have been highlighted by such an
analysis, particularly in Europe (e.g., France and Spain), even
if they need to be confirmed by further studies also by using
reliable in situ information. Low—medium levels of RFI (blue
pixels) are instead more localized along coastlines, even if, also
in this case, few isolated inland pixels have been detected. The
coastline effect is due to the ocean emission by antenna side
lobes [7], [10] and could be easily removed by using a coastline
mask. Coming back to the amount of pixels detected at the
different StDevRI16.9 thresholds, it is interesting to observe that,
while the number of pixels identified at medium-high level
(i.e., 5163 and 2615) seem to be related to the ones already
obtained for high—strong values (i.e., 5210 and 2742), at both
polarizations (H and V), the amounts of the pixels identified
using StDevRI16.9 values in the 10-15 K range are very similar
in both polarizations (i.e., 1078 and 1021) and, being more
distributed along coastlines, are less dependent on the previ-
ously identified RFI sources. Such a result seems to indicate
that the 10 K threshold could be effective in discriminating
residual low-level RFI sources and natural geophysical vari-
ability. In any case, although these results deserve further
analyses to be confirmed, a first indication about the global dis-
tribution of low—medium levels of RFI is clearly recognizable
in such maps.

IV. CONCLUSION

RFI, contaminating signal measured by AMSR-E aboard the
Aqua satellite mainly at C-bands, but also at X-bands, has
been analyzed. Due to the lack of a reliable global ground
truth, at least over land, and the difficulty in discriminating the
weak level of RFI from natural geophysical variability, such
a field of investigation still deserves more analyses. This is
why, in this work, we tried to assess the potential of the RST
approach for the identification of AMSR-E C-band RFI effects
at global scale. RST, which is a multitemporal strategic analysis
of satellite data, taking into account the historic variability at
pixel level of the studied signal, can help in identifying high-
level RFI-affected areas as well as in providing a first indication
about areas where weak RFI signals are possibly present. Nine
years of AMSR-E Level-3 land-surface products have been
investigated, developing first two different maps, indicating, for
data acquired at vertical and horizontal polarizations and for
both ascending and descending passes, strong RFI occurrences.
The achieved results, which generally appear in agreement with
previous studies, have shown that the RFI effects seem to be
more evident in data acquired at horizontal polarization during
ascending passes.

In addition, a first attempt devoted to a better identification of
areas affected by weak levels of RFI has been carried out, also
trying to discriminate them from those characterized by natural
variability due to geophysical and/or meteorological processes.
The preliminary results seem to confirm the presence of the
medium-high level of RFI in the areas close to the ones already
identified as strongly affected by RFI, even if few isolated new
sources have been detected also at low—medium values. These
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results need to be further investigated to better understand
the nature of these effects. To this scope, a validation of the
obtained maps (at all levels) with in sifu information will
provide a confirmation of the reliability and accuracy of the
achieved results. Considering that punctual information about
RFI sources will be difficult to achieve, we will try to identify
few large homogenous areas that are possibly RFI free (i.e. far
from big cities, airports, etc.), assessing their behavior in terms
of the RFI index we used in this work.

Owing to its independence on the investigated signal, the
same approach used here will be extended to sea surfaces as
well as to AMSR-E X- and K-band measurements to have a
comprehensive view of RFI contamination on AMSR-E radi-
ances even if, since October 2011, it is no longer operational.
Anyway, such a study may be useful for other missions working
at these wavelengths as well as in localizing where these data
have to be used with attention in retrieving information about
surface parameters.
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